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supervised complex finding.

RbIvi Reachability Index of node vi.

Supp(G′) Contribution of subgraph G′.
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p-value of complex Ci.

DNCvi
Direct neighbors of node vi within Ci.

contbnvi Node vi contribution in terms of direct neighbors.

Clcontbn Cluster contribution (of all nodes within a cluster).
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V vertices and E edges.

Vth Variance threshold.

PCCth Pearson correlation coefficient threshold.

Adjnm Adjacency network representation of non metasta-

sis stage.

Adjm Adjacency network representation of metastasis

stage.

Mi ith module.

SemSim(ga, gb) Semantic similarity between genes ga and gb.

SemSimth Semantic similarity threshold.

SemSimM Semantic similarity score matrix.

Modules =

{M1,M2, ...,MN}
Set of N modules.

RemList Data structure to keep track of nodes during mod-

ule extraction.

mCount Counter to keep track of number of modules .

GM Gene Expression matrix with a number of genes

(rows) at b conditions (columns).

Dm Discretized gene expression matrix with a rows and
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Symbols and Meanings

Symbol Meaning

TSbOMab
Topological Subspace Overlap Metric for a pair of

nodes a and b.

αA similarity between neighbors.

βB direct edge connectivity.

Ep
gagi

edge between genes ga and gi at pth condition.

Vg total number of genes in GM .

sm total number of samples in GM .

Adjga,gb adjacency matrix having value 1 or 0 depending

on whether ga and gb are connected or not.

nth Threshold used for assigning values to Adjga,gb

Nodedistance(gv, gk) Distance between nodes gv and gk.

NCN(gv) Constrained neighbor set of gv.

CnS(gv) Constrained node score.

SI(gv, gk) Simpson Index for gv and gk.
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CnS.
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genes.
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cluster.

TSbOM = {V,E} TSOM network.

Modules =
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Set of modules.
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