
References

[1] Aharon, M., Elad, M., and Bruckstein, A. M. K-SVD: An algorithm for design-
ing overcomplete dictionaries for sparse representation. IEEE Transactions on
Signal Processing, 54(11):4311–4322, 2006.

[2] Alvarez-Ramos, V., Ponomaryov, V., Reyes-Reyes, R., and Gallegos-Funes, F.
Satellite image super-resolution using overlapping blocks via sparse represen-
tation. In International Kharkiv Symposium on Physics and Engineering of
Microwaves, Millimeter and Submillimeter Waves (MSMW’2016), pages 1–4,
Kharkiv, Ukraine, 2016.

[3] Alvarez-Ramos, V., Ponomaryov, V., and Sadovnychiy, S. Image super-
resolution via wavelet feature extraction and sparse representation. Radio-
engineering, 27(2):603, 2018.

[4] Amro, I., Mateos, J., Vega, M., Molina, R., and Katsaggelos, A. K. A survey
of classical methods and new trends in pansharpening of multispectral images.
EURASIP Journal on Advances in Signal Processing, 2011(1):1–22, 2011.

[5] Attarde, V. V. and Khaparde, A. Super resolution of image using sparse repre-
sentation of image patches with LASSO approximation on CUDA platform. In
2018 Second International Conference on Intelligent Computing and Control
Systems (ICICCS), pages 1533–1538. IEEE, 2018.

[6] Baker, S. and Kanade, T. Limits on super-resolution and how to break them.
IEEE Transactions on Pattern Analysis and Machine Intelligence, 24(9):1167–
1183, 2002.

[7] Baraniuk, R. G., Candes, E., Elad, M., and Ma, Y. Applications of sparse
representation and compressive sensing [scanning the issue]. Proceedings of
the IEEE, 98(6):906–909, 2010.

[8] Beck, A. and Teboulle, M. A fast iterative shrinkage-thresholding algorithm
for linear inverse problems. SIAM Journal on Imaging Sciences, 2(1):183–202,
2009.

[9] Bioucas-Dias, J. M. and Figueiredo, M. A. T. A new twist: Two-step iterative
shrinkage/thresholding algorithms for image restoration. IEEE Transactions
on Image Processing, 16(12):2992–3004, 2007.

[10] Boyd, S., Parikh, N., Chu, E., Peleato, B., and Eckstein, J. Distributed
optimization and statistical learning via the alternating direction method of
multipliers. Foundations and Trends in Machine Learning, 3(1):1–122, 2011.

[11] Bruce, A. G., Sardy, S., and Tseng, P. Block coordinate relaxation methods
for nonparamatric signal denoising. In Szu, H. H., editor, Wavelet Applications
V, volume 3391, pages 75 – 86. International Society for Optics and Photonics,
SPIE, 1998.

139



References

[12] Buche, S. B., Dhondse, S. A., and Khobragade, A. N. Satellite image pro-
cessing on parallel computing: A technical review. In IEEE International
Conference on Green Engineering and Technologies (IC-GET-2016), pages 1–
9, Coimbatore, India, 2016.

[13] Cai, T. T. and Wang, L. Orthogonal matching pursuit for sparse signal recov-
ery with noise. IEEE Transactions on Information theory, 57(7):4680–4688,
2011.

[14] Candès, E. J. and Wakin, M. B. An introduction to compressive sampling.
IEEE signal processing magazine, 25(2):21–30, 2008.

[15] Capel, D. and Zisserman, A. Super-resolution from multiple views using learnt
image models. In Computer Vision and Pattern Recognition (CVPR-2001),
volume 2, pages 627–634, Kauai, HI, USA, 2001. IEEE.

[16] Chan, R. H., Chan, T. F., Shen, L., and Shen, Z. Wavelet algorithms for
high-resolution image reconstruction. SIAM Journal on Scientific Computing,
24(4):1408–1432, 2003.

[17] Chang, K., Ding, P. L. K., and Li, B. Single image super-resolution using
collaborative representation and non-local self-similarity. Signal Processing,
149:49–61, 2018.

[18] Chang, K., Ding, P. L. K., and Li, B. Single image super resolution using joint
regularization. IEEE Signal Processing Letters, 25(4):596–600, 2018.

[19] Chaudhuri, S. Super-Resolution Imaging. Kluwer Academic Publishers, Nor-
well, MA, USA, 2001.

[20] Chavez-Roman, H. and Ponomaryov, V. Super resolution image generation
using wavelet domain interpolation with edge extraction via a sparse repre-
sentation. IEEE Geoscience and remote sensing Letters, 11(10):1777–1781,
2014.

[21] Cheeseman, P., Kanefsky, B., Kraft, R., Stutz, J., and Hanson, R. Super-
resolved surface reconstruction from multiple images. In Heidbreder, G. R.,
editor, Maximum Entropy and Bayesian Methods. Fundamental Theories of
Physics, volume 62 of An International Book Series on The Fundamental
Theories of Physics: Their Clarification, Development and Application, pages
293–308. Springer, Dordrecht, 1996.

[22] Chen, H., He, X., Qing, L., Wu, Y., Ren, C., Sheriff, R. E., and Zhu, C.
Real-world single image super-resolution: A brief review. Information Fusion,
2021.

[23] Chen, W. Simultaneously sparse and low-rank matrix reconstruction via non-
convex and nonseparable regularization. IEEE Transactions on Signal Pro-
cessing, 66(20):5313–5323, 2018.

140



References

[24] Cheng, M., Wang, C., and Li, J. Single-image super-resolution in RGB space
via group sparse representation. IET Image Processing, 9(6):461–467, 2014.

[25] Chiang, M.-C. and Boult, T. E. Efficient super-resolution via image warping.
Image and Vision Computing, 18(10):761–771, 2000.
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