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[216] Diaw, M., Agnès, Landré, J., Retraint, F., and Morain-Nicolier, F. Modeling

a local dissimilarity map with weibull distribution–application to 2-class and

multi-class image classification. IEEE Access, 10:35750–35767, 2022.

[217] Yang, H.-y., Liang, L.-l., Zhang, C., Wang, X.-b., Niu, P.-p., and Wang,

X.-y. Weibull statistical modeling for textured image retrieval using non-

subsampled contourlet transform. Soft Computing, 23(13):4749–4764, 2019.

168



Publications based on thesis work

1. Journal

• Baruah, H. G., Nath, V. K.,and Hazarika, D. (2022) A Remote Sens-

ing Image Retrieval Based on 3D-Local Ternary Pattern (LTP) fea-

tures and Non-subsampled Shearlet Transform (NSST) Domain Statis-

tical Features, Computer Modeling in Engineering and Sciences,

131(1), 137-164(SCIE)

• Baruah, H. G., Nath, V. K., Hazarika, D., and Hatibaruah, R. (2022).

Local bit-plane neighbour dissimilarity pattern in non-subsampled

shearlet transform domain for bio-medical image retrieval. Mathe-

matical Biosciences and Engineering, 19(2), 1609-1632(SCIE).

• Baruah, H.G., Nath V.K. and Hazarika, D., CT image retrieval

via blend of zernike moment based global shape features and non-

subsampled shearlet transform (NSST) domain local texture features.

(Manuscript under preparation)

• Baruah, H.G., Nath V.K. and Hazarika, D., Biomedical image re-

trieval using ZM and SVD based statistical modeling in NSST domain.

(Manuscript under preparation)

2. Book Chapter

• Baruah, H. G., Nath, V. K., and Hazarika, D. (2019). Remote sens-

ing image retrieval via symmetric normal inverse Gaussian modeling

of nonsubsampled shearlet transform coefficients. In International

Conference on Pattern Recognition and Machine Intelligence

(pp. 359-368). Springer, Cham.

169


	11_annexures

