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Hyssr—LenDP! .

HNS’ST—LBNDPq

Hyssr-LenDP! o

N

NSST — LBNDP{(i, §)

k,s3

Dissimilarity relation between u and v

Neighbor-neighbor dissimilarity informa-

tion
Adder pattern obtained with
ON(T(@ 7) ’be[0,7],T€[1,8} and

NN (2, ) |beo71,7e,8]
Encoded bit plane value
LBPDAP value calculated for d=[0,1,2]
Histogram of LBPDAP submap (s;) for
d=[0,1,2]

Histogram of LBPDAP submap (sg) for
d=[0,1,2]

Histogram of LBPDAP submap (s3) for
d=[0,1,2]

Histogram of LBPDAP submap (s4) for
d=[0,1,2]

Precision for k' query image

Recall for k™" query image

Total number of images in the database
Encoded bit plane value obtained by dis-
similarity information between each neigh-
boring value and adjacent neighbors

Each neighbor (with respect to cen-
tre/reference bit BBy(i, 7))

8 adjacent neighbors

Dissimilarity function calculated between
BBg,(i,) and BBy (i, j)

Summing operation to combine the 8 dis-
similarity bit D} (i, j)]

Encoded bit plane value after weighing
Gieli )

Histogram of LBNDP submap (Patch s;)
Histogram of LBNDP submap (Patch s)
Histogram of LBNDP submap (Patch s3)
Histogram of LBNDP submap (Patch s4)

Total number of subbands
Quantized NSST-LBNDP value calculated
for k € [1, Ny

XX



List of symbols

ZM

PRz

Vir. (0, )

V. (p,q)
R,

Dt

max' (p)

NSST — MSLDEP?*(z,y)

HNSST—MSLDEP‘%S (l)

=

ZM over a unit disk of order p and repeti-
tion K,

Zernike orthogonal basis function
Complex conjugate of V,,._(p, q)

Radial polynomial

Normalized coordinate pertaining to loca-
tion (t,u)

Normalized coordinate pertaining to loca-
tion (¢, u)

Maximum order

Total number of ZM or order p,,4z

Scale

Level of NSST decomposition

Direction

Normalized energy values at radius R + 1
Normalized energy values at radius R
Edge information with respect to each ref-
erence/centre in a given direction 6, scale
s and n'"* subband

Maximum to minimum subband edge dis-
tribution

i" maximum location in p array

NSST-MSLDEP maps computed in scale s
and in @ direction

Histogram of NSST — MSLDEP%* in a
given direction # and scale s

Features obtained through lower order ZM
of an image

SVD applied on image I

Orthogonal matrix of size M x M
Orthogonal matrix of size N x N
Diagonal matrix

Singular values for the decomposition
Weibull distribution for random variable
shape parameter

scale parameter

xxi
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