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Generation Algorithms, Computer Science, 2022.
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Publication (Communicated).

Book Chapters
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2021. 509-520.
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sets in association rule mining, Advanced Computing and Intelligent Engi-
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Representation for Candidate Generation, International Conference on Bi-
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Cham, 2019.

Conference Presentations:

1. Kharkongor, Carynthia, and B. Nath. Set representation for itemsets in as-
sociation rule mining.Second International Conference on Intelligent Com-
puting and Control Systems (ICICCS), IEEE, 2018.
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