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1. Journal Publications 

[a] Bhagowati, B., and Ahamad, K.U. Examining the effectiveness of artificially 

replicated lake systems in predicting eutrophication indicators: a comparative 

data-driven analysis. Water Quality Research Journal, 59 (1): 1-25, 2024. 

https://doi.org/10.2166/wqrj.2024.014. 

[b] Bhagowati, B., Talukdar, B., Narzary, B.K., and Ahamad, K.U. Prediction of 

lake eutrophication using ANN and ANFIS by artificial simulation of lake 

ecosystem. Modeling Earth Systems and Environment, 8 (4): 5289–5304, 2022. 

https://doi.org/10.1007/s40808-022-01377-8. 

[c] Bhagowati, B., and Ahamad, K.U. A review on lake eutrophication dynamics 

and recent developments in lake modeling. Ecohydrology and Hydrobiology, 19 

(1): 155–166, 2019. https://doi.org/10.1016/j.ecohyd.2018.03.002. 

2. Book Chapter 

[a] Bhagowati, B., Talukdar, B., and Ahamad, K.U. Lake Eutrophication: 

Causes, Concerns and Remedial Measures. In Kumar, M., Snow, D., Honda, R., 

editors, Emerging Issues in the Water Environment during Anthropocene: A 

South East Asian Perspective, pages 211-222, ISBN:978-981-32-9771-5. 

Springer Singapore, 2020.   

3. Conference Paper Presented 

[a] One conference paper entitled “Artificial Neural Network Models to Predict 

Dissolved Oxygen and Secchi Depth in Eutrophic Lakes” has been presented in 

National Environmental Conference (NEC2019) held on 31st January to 2nd 

February’ 2019 in IIT Bombay. 

[b] One conference paper entitled “Dissolved oxygen (DO) prediction in 

eutrophic lakes using Artificial Neural Network model” has been presented in 

National Conference RDCI-2019 held on 21st to 22nd September’ 2019 in 

MANIT Bhopal. 
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